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Enterprise AI has moved from pilots to production, 
where its most common job is answering questions 
from an organization’s documents: contracts, policies, 
operational reports, and records. Business results 
including faster decisions, lower operating costs, and 
institutional knowledge on demand rest on a deceptively 
simple question: can the answers be trusted?

A system that retrieves the wrong clause, mis-totals 
figures across reports, or fabricates answers creates 
operational, financial, and compliance exposure. The 
stakes rise with agentic AI: agents retrieve at nearly 
every step, per-step error rates compound across 
a workflow, and a fabricated answer becomes a 
fabricated action.

Signal65 and Kamiwaza built a benchmark specifically 
to answer that question with evidence, evaluating 91 
models on the retrieval work enterprises actually run. 
Testing across corpora from 32K to 200K tokens ran in 
the Signal65 AI Lab on Dell PowerEdge compute with 
Broadcom-based 400GbE networking.

For a buyer, the decision reduces to two variables: how much accuracy a model holds at the  
organization’s actual document scale, and how much it loses as that scale grows. Advertised context 
windows measure neither.

Scale. Single-document lookup and cross-document aggregation are different workloads with different 
economics. At 32K context a broad field performs well, but at 200K, aggregation accuracy fell by an average 
of 25.6%, more than twice the rate of single-document tasks. Because most pilots are built on simple lookups, 
they can materially overstate production readiness, and the shortfall surfaces only after the budget is 
committed.

Trust. Whether a model recognizes an answer is absent is partly independent of whether it can find one. The 
strongest models reliably acknowledged missing information and stayed comparatively stable as context 
grew, which is what keeps a retrieval error from becoming a confident fabrication. Configuration is a lever on 
both: enabling reasoning moved one model from 58.8% to 96.6% accuracy at 32K, a 64.3% relative gain, and 
belongs in the evaluation alongside latency, throughput, and cost.

Key Highlights

Overview

Broad Choice at  
Moderate Scale
27 of 91 models exceeded 95% 
accuracy at moderate (32K) 
workloads

Configuration as a  
Cost Lever 
Reasoning improved retrieval 
accuracy by up to 64%

Scarcity at  
Production Scale 
3 of 54 models remained above 
95% accuracy at larger (200K) 
workloads

Two Questions Behind the Deployment Decision
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Testing covered 91 models at 32K context, 72 at 128K, and 54 at 200K, using corpora of commercial leases, HR 
records, and facility field reports. At 32K, roughly the scale of a contract review or policy lookup, the top 30 
models all exceeded 90% accuracy, 27 reached at least 95%, and five surpassed 98%. Qwen3.5-397B-A17B 
(Thinking) led at 99.1%.

That breadth narrows sharply as documents grow: 24 of 72 models exceeded 90% at 128K, and only 15 of 
54 at 200K, where just three cleared 95%. A shortlist built on 32K results alone will not survive contact with 
production-scale corpora.

Benchmarked at Production Scale
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Figure 1: Overall Mean Accuracy – 32K Context Size



Trusted Answers at Enterprise Scale 3
© 2026 Signal65. All rights reserved.

From Risk to Resolution
The findings map directly onto the exposures an enterprise retrieval program places on the budget 
owner’s desk.

Trusted retrieval is becoming a prerequisite for enterprise AI, not a differentiating feature. A small set of 
models sustained strong retrieval and abstention at every workload size tested, and the gap between those 
leaders and the broader field makes model and configuration selection a decision with measurable operational 
consequences. Evaluate models, configurations, and infrastructure together against the workloads the 
organization actually intends to run, not against specifications alone.

Excerpted from Trusted Answers at Enterprise Scale, Signal65, August 2026. Complete per-model results are available from Signal65.

Business Risk What the Testing Shows

Procurement Risk Advertised context windows are capacity limits, not evidence of retrieval quality. 
Specify accuracy at corpus scale in evaluation criteria.

Pilot-to-Production Risk Single-document pilots overstate readiness; cross-document aggregation fell 
25.6% on average at 200K context.

Agentic Program Risk Per-step errors compound: five retrieval-dependent steps at 90% reliability 
complete cleanly only about 59% of the time.

Compliance and Audit Risk Recognizing absent information is a separate capability from retrieval, and should 
be measured on its own.

The Bottom Line
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