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Overview

Al has rapidly shifted from experimental concept to mission-critical
capability for modern enterprises. As organizations move beyond
single-turn question answering and toward agentic Al to autonomously
complete multi-step business tasks, new evaluation methods are
required to determine how well models can actually do work, not just
reason in isolation.

Traditional benchmarks fail to capture this. Many are static, prone to
data leakage, and optimized for reasoning over execution. They do not
reflect real enterprise workflows, where models must repeatedly call
tools, extract data, handle files, navigate directory structures, query
databases, and return validated output.

To address this gap, Signal65, in partnership with Kamiwaza, created
a new benchmarking methodology: the Kamiwaza Agentic Merit
Index (KAMI). This dynamic benchmark evaluates practical agentic
task performance across LLMs running on modern on-premises
infrastructure including Dell PowerEdge XE7745 servers with Broadcom 400 GbE RoCEv2 fabrics, reflecting
how enterprises deploy Al for secure, cost-efficient, latency-sensitive workloads.
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The KAMI Benchmark

KAMI creates a uniquely randomized test environment for every run

Elements: Examples:

e Sandbox file and database environments « Creating files and directory structures

randomized per sample

- Extracting exact values from CSV and text files

+ Dynamic entity substitution, generating unique
instructions

Running SQL queries against randomized

business databases

¢ Runtime-generated ground-truth answer keys
e Tool-calling loops through an agentic server schemas

¢ Multi-step enterprise tasks, not single-shot
answers

Formatting results in strict JSON or text

This approach produces contamination-free, execution-focused evaluation of genuine agentic capability.
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Key Findings

1. Model Size Strongly Correlates with Agentic Accuracy

Across the 31 models evaluated, very large models (>100B) performed best overall. Large models (60-75B)
excelled at filesystem and text extraction operations. Medium models (10-50B) were surprisingly competitive,
and small models (<10B) performed poorly across nearly all test categories.

2. Quantization (FP8) Had Minimal or No Negative Impact

In several FP8 vs full-precision pairs, the quantized versions slightly outperformed their full-weight
counterparts—a strong signal that efficiency-oriented FP8 deployment does not degrade agentic task
performance.

3. Thinking Models Outperformed Non-Thinking Counterparts

Across Qwen3 models, “thinking mode” consistently improved accuracy, especially in database, CSV, and
multi-step retrieval, as well as complex filesystem and instruction-following workflows. Surprisingly, providing
hints significantly narrowed the gap, highlighting a potential hybrid strategy for organizations balancing cost
with accuracy.

The full results of the KAMI vO.1 benchmark can be seen in Figure 1 below.

Rank Model Mean Accuracy Score
1 Qwen3-235B-A22B-Instruct-2507-FP8 88.8 %
2 Qwen3-235B-A22B-Instruct-2507 88.4 %
3 Claude-3.5-Haiku-20241022 75.9 %
4 Llama-4-Maverick-17B-128E-Instruct 74.6 %
5 Llama-3.3-70B-Instruct-FP8-KV 74.5 %
6 Llama-3.1-70B-Instruct 73.4 %
7 Llama-4-Maverick-17B-128E-Instruct-FP8 731%
8 Qwen3-30B-A3B (thinking mode) 72.7 %
9 Llama-3.3-70B-Instruct 71.6 %
10 Qwen2.5-72B-Instruct 711 %

Figure 1: KAMI vO.1 Benchmark Top 10 Results
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The Dell PowerEdge XE7745 delivers enterprise-grade Al infrastructure, providing a high-memory, multi-GPU
platform that makes Agentic Al practical at scale. Equipped with dual AMD EPYC processors, up to 3 TB of
DDR5 memory, support for eight NVIDIA L40S, H100, H200, or RTX Pro 6000 GPUs, and eight Broadcom
BCM57608 400 GbE network controllers, each node delivers exceptional bandwidth and parallelism for large-
context inference and high-volume retrieval. Clustered with Dell Z9864F-ON switches running Dell Enterprise
SONIC within a RoCEv2 fabric, these solutions deliver deterministic, low-latency, and low-jitter performance
across diverse workloads. This balance of memory capacity, compute density, and network efficiency enables
businesses to deploy Agentic Al systems for the most demanding reasoning workloads.

Conclusion

Understanding the agentic capability of models is important for enterprise organizations considering multi-
agent applications. Tools like the KAMI benchmark can provide context and data to help understand the
strengths and weaknesses of various LLMs in real agentic scenarios.

Agentic Al will define new enterprise Al applications. Organizations that invest in the right infrastructure
today, combining the computational power of the Dell PowerEdge XE7745, the networking efficiency of
Broadcom BCM57608 400 GbE NICs, and the sophistication of evolving models and agentic designs, will be
best positioned to harness the full potential of Al-driven knowledge systems. This positioning will enable them
to drive innovation and maintain competitive advantage in an increasingly Al-powered business landscape.

Download the full report here.
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https://signal65.com/wp-content/uploads/2025/12/Signal65-Insights_Evaluating-Agentic-AI.pdf
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